
Andrew Marritt | OrganizationView
andrew.marritt@organizationview.com    |   +41 78 905 0775

UNDERSTANDING GPT MODELS
GPT models and their impact on 

People Analytics



Most of the tasks you want to do have been done before.

The trilogy of successful text analysis

NLP / AI

Text as 
Data

Qualitative 
Research



GPT models are trained to predict the next word. If the next word is a fact (The capital of France is.....) they learn 
knowledge as a side-effect.

What are GPT models?

source: The Economist



GPT models need very few examples to work

Where are they useful for analysis?

Taken from OpenAI’s 2020 paper 
“Language Models are Few-
ShotLearners”



There are many options available, each with different strengths / weaknesses. The following is a (very non-compelete) list 
of the more ‘famous’ ones:

Model Selection

Commercial LLMs

See: List of Open Sourced Fine-Tuned Large Language Models (LLM)

Open Source LLMs

•	 OpenAI (GPT 3.5, ChatGPT, GPT4)
•	 Google (LaMDA, FLAN UL-2, GATO (Deep Mind), PaLM
•	 Microsoft / NVIDIA (MT-NLG)
•	 Meta (LLaMa)
•	 Anthropic Claude
•	 Cohere Command

•	 Hugging Face / Big Science - BLOOM
•	 Stanford University - Alpaca
•	 Tsingha University - Chat GLM
•	 TII - Falcon LLM
•	 CalderaAI - Lazarus
•	 Databricks - Dolly 2.0
•	 EleutherAI- GPT-J



Understanding and mastering these concepts is critical to get the best out of GPT models

Four concepts to think about when using GPT models

Prompt 
Engineering

Context 
Windows Embeddings Fine-Tuning

The art of writing 
instructions for GPT models 
that result in the output that 
you require. 
Prompt-engineering should 
be seen as a skill to learn. 
Prompt engineers are often 
good writers - for example 
technical writers might make 
good prompt engineers

All HR teams need to 
develop Prompt Engineering 
skills.

All GPT models have a 
maximum context-window, 
the amount of information 
that can be fed into the 
model via the prompt.
The majority of ‘small’ 
models have a context 
window of approximately 
2,000 words. GPT4 has 
4,000 or 32,000 with 
permission. Anthropic has 
launched a GPT with a 100k 
token context window.
Increasing context 
windows is one of the key 
battlegrounds for LLM 
providers

Embeddings are numerical 
representations of text. 
Introduced with Word2Vec 
in 2012 they started with 
word-level embeddings.
GPT Models can do context-
length embeddings with 
greater accuracy than 
earlier models.
Embeddings, often in 
combination with vector 
databases, are used to find 
‘similar’ text.

With some GPT models 
you have the ability to fine-
tune the model. Fine-tuning 
enables you to teach the 
model your domain so you 
don’t have to include it with 
every prompt.
You can think of fine-tuning 
more like classical ML, 
setting parameters etc.
There are cost advantages 
in inference with a fine-
tuned model, though 
training is costly.
Presently it’s mostly older 
GPTs which are available to 
fine-tune.



Which strategy are you going to use?

Developing organization-specific models

Prompting Fine-tuning

•	 Create a complete prompt which explains in detail what 
you want to do.

•	 Prompts can be changed very quickly
•	 Prompts require less ML skills
•	 Can incorporate Annotation Guidelines in prompts
•	 Good prompting requires decomposing the problem

•	 Will appeal to existing ML engineers
•	 Reduces cost as prompts are much shorter....
•	 ...but requires more costly training 
•	 Good strategy if you have training examples and don’t 

need frequent model updating
•	 Sometimes examples are easier than instructions.
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USING LLMs



Generating realistic but differentiated training examples for classification models has always been a challenge - even for 
humans.  

Synthetic data (Data Independent)

WHAT IS GOOD ABOUT WORKING HERE?
“Working in Zuri West has been an absolute delight! The area’s vibrant atmosphere, 
with its trendy cafes and boutiques, creates a wonderful work-life balance.”

“I appreciate the convenient location of Zuri West, as it allows for easy commuting 
and provides access to a variety of amenities such as parks and fitness centers. It 
enhances my overall well-being.”

“Zuri West’s diverse and multicultural environment fosters a sense of inclusion 
and promotes collaboration among colleagues. It’s refreshing to work in such a 
harmonious community.”

“One of the best aspects of working in Zuri West is the proximity to Lake Zurich. 
During breaks, I often enjoy a stroll by the lake, which instantly rejuvenates me and 
boosts my productivity.”

“Zuri West is known for its excellent public transportation system, which makes it 
incredibly convenient for employees to travel to and from work. It saves me both 
time and stress.”

“The abundance of dining options in Zuri West is remarkable. From international 
cuisine to local delicacies, there is something for everyone. It’s a true food lover’s 
paradise!”

“The modern and innovative infrastructure in Zuri West facilitates a dynamic work 
environment. The availability of state-of-the-art facilities and co-working spaces 
enhances productivity and creativity.”

“The presence of numerous networking events and industry conferences in Zuri 
West offers valuable opportunities for professional growth and development. It’s a 
hub of knowledge and learning.”

“Zuri West’s commitment to sustainability is truly inspiring. The area is filled with 
green spaces and eco-friendly initiatives, promoting a healthier lifestyle and a 
greener future.”

“The supportive and friendly community in Zuri West is truly uplifting. Whether it’s 

WHAT IS BAD ABOUT WORKING HERE?
“Working in Zuri West can be challenging due to the high cost of living in the area. 
The steep rental prices and expenses can put a strain on employees’ finances.”

“One issue I’ve faced while working in Zuri West is the limited parking availability. 
Finding a parking spot can be time-consuming and costly, especially during peak 
hours.”

“The bustling nature of Zuri West can sometimes lead to noise pollution, which can 
be distracting in the workplace. It would be beneficial to have quieter zones or 
soundproofing measures in certain areas.”

“Zuri West’s popularity as a business hub means that competition for job 
opportunities can be intense. Finding suitable employment or career advancement 
within the area can be challenging.”

“The fast-paced lifestyle in Zuri West can create a high-pressure work environment. 
It’s important for organizations to prioritize employee well-being and offer adequate 
support to manage stress levels.”

“While Zuri West offers a variety of dining options, the cost of eating out regularly 
can be prohibitive for some employees. It would be helpful to have more affordable 
food options within the area.”

“During peak hours, public transportation in Zuri West can become crowded and 
congested, leading to delays and inconvenience for commuters. Improved transport 
infrastructure would greatly benefit employees.”

“Zuri West’s popularity among tourists and visitors can lead to overcrowding, 
particularly during weekends and holidays. This can make it challenging to find 
peaceful spaces for breaks or leisure activities.”

“The limited availability of green spaces and recreational areas in Zuri West 
can make it difficult for employees to find opportunities for outdoor activities or 
relaxation during working hours.”

“While Zuri West is well-connected, employees who live outside the area may 



There are 2 types of summarisation - both have their place

Summarisation (Depends on data)

Extractive Summarisation

Summaries of summaries is a good strategy for long text

GPT-4 significantly outperforms ChatGPT on 
summarisation

Abstractive Summarisation

•	 Identifying parts of text that are most representative of 
the overall text

•	 Good performance has been available for some time
•	 Doesn’t require language creation
•	 Very good at showing examples of the points it’s making

•	 Re-writes the original text to provide a shorter version 
with the key information retained

•	 Earlier models were OK at identifying the key parts
•	 ... but the summarised text was ‘clunky’
•	 Examples are possible via clever prompting



Summarise the following cluster members to provide a short descriptive title

Many tasks can be rethought as summarisation tasks



Ideas is our functionality for extracting the key ideas from an employee’s provided answer. It uses the context of the 
question and in relevant cases the scale survey data to increase comprehension

Our ‘Ideas’ functionality

What are they? How do we use 
them? Key principles Notes

Ideas are summarisations 
of the answer given by the 
employee, interpreted via 
the contexts.
We extract one idea 
per sentence, so we 
dramatically increase the 
length of the original answer
It’s important to control 
for hallucination when 
generating ideas

Ideas are generated during 
the text pre-processing 
stages in our pipeline.
We combine Ideas and the 
original text in our non-GPT 
text classification models
We can use matching of the 
classification of ideas and 
the original answer as an 
ensemble model
Clustering on ideas is a key 
part of identifying the ways 
employees are talking about 
a topic

Ideas always need to be 
linked to an original answer 
- there needs to be a clear 
line of sight
Hallucination detection 
is important. GPT models 
hate saying nothing so will 
frequently elaborate

Dashboard users can 
understand ideas much 
quicker than the answers 
as the sentence structure is 
simpler
Ideas can dramatically 
improve disambiguation 
efforts for ‘list’ type answers
The GPT model will often 
make grammatical / spelling 
correction which improves 
classification model 
accuracy
It’s worth reviewing 
classification disagreements 
manually.



Embeddings are at the heart of a semantic search ‘engine’.

Semantic search

Create vector 
embeddings for the 

corpus

User supplies a 
question

Create vector 
embeddings for the 

Question

Search corpus 
embeddings for 

nearest neighbour to 
question embedding

Use GPT model to 
summarise the 

responses

Return the response 
to user

Users will want to know which answers the model has extracted each point from



An example of semantic search on survey responses

What are the problems caused by cost cutting?
- Workload and strain on employees
  - Low budgets and lack of staff causing problems
  - Cuts in staff and budgets affecting employee wellbeing
  - Overworked due to staff and budget cuts
  - Extra work for team members due to budget restraints
  - Stretched thin due to budget cuts and hiring freezes

- Impact on quality and innovation
  - Budget pressure affecting work/life balance and program quality
  - Difficulty being creative and innovative with shrinking budgets
  - Tight budgets putting strain on teams

- Recruitment and retention issues
  - Lower pay scales causing recruitment problems
  - Losing quality people as a result of cuts
  - Concerns about job security due to cutbacks
  - Losing good staff members
  - Worries about lower wages and short-term contracts

- Inefficient use of resources and budget management
  - Financial wastage in some areas
  - Unsustainable and unproductive use of savings from staff cuts
  - Resources wasted in terms of time and cost

Each bullet 
point is linked 
to the answers 

where the 
information has 
been extracted 

from.



As in all programming, decomposing the problem into smaller stages can dramatically increase performance

Chaining LLM models / calls

Extract all candidate 
answers from dataset 

(sentences about leaders or 
managers)

Is this answer describing a 
management behaviour?

{YES, NO, UNSURE}
What is the management 

behaviour?

Is the employee happy with 
the manager?

{YES, NO, UNSURE}

If UNSURE review & build 
classification model to add 

new examples

Classify the behaviours
Build Model to predict 

happiness against 
hehaviours

If UNSURE review & build 
classification model to add 

new examples

Key to which model used for each stage



GPT models can be used to extract knowledge from text.

Knowledge graph extraction using GPT models

Slow Network 
Speed

Lost 
productivity

Employee 
Stress

CAUSES

CAUSES

CAUSES

CAUSES



Many of us have been looking at ways of making surveys more conversational. GPT models look like they could be a big 
part of the solution.

Where we see the survey going

What could we do to improve 
working at Company?

Better Systems

What systems need 
improving?

Procurement system

Why is the procurement 
system causing you issues?

Since we moved to the 
new system my suppliers 

aren’t getting paid. 



Expect all SAAS software to incorporate GPT models by end of 2023

GPT models are coming for your BI tools
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AREAS OF CAUTION



Is the data that the GPT model was trained on how you want to interpret the world?

Bias perpetuation

Paper from  
May 2022.

Article Jan 
2023.



This landscape is moving too quickly to commit to one provider. A modular approach (e.g. like Hugging Face) could make 
sense

Model Lock-In



It’s relatively easy to create ‘prompt-hacks’ that get a GPT model to reveal private data.

Adversarial Examples



23

THINGS TO CONSIDER



GPT models should probably be the way you prototype all text-based problems. 

Deciding whether to use a GPT Model

Decompose the 
problem

Do I have good 
training data?

Using the GPT 
as a kick-start

Is it ‘good 
enough’

GPT models work well 
with tightly defined, 
clear tasks. Can you 
break your challenge 
down in this manner?

Training data 
will incorporate 
organization-specific 
knowledge. If you 
have good training 
data you possibly 
want to use a more 
traditional ML 
approach

Can I use a GPT 
model to create initial 
training data? Can I 
use this in an active 
learning approach 
to identify real 
examples?

Sometimes speed is 
better than accuracy. 
Is the GPT model 
good enough?



Traditional ML performance evaluation is more difficult with LLMs. You might be able to use an LLM for checking the LLM

How will you evaluation GPT model performance?



How will you develop the skills needed?
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